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Abstract
Marine sediments are home to one of the richest species pools on Earth, but logistics and a
dearth of taxonomic work-force hinders the knowledge of their biodiversity. We character-
ized α- and β-diversity of deep-sea assemblages from submarine canyons in the western
Mediterranean using an environmental DNA metabarcoding. We used a new primer set tar-
geting a short eukaryotic 18S sequence (ca. 110 bp). We applied a protocol designed to
obtain extractions enriched in extracellular DNA from replicated sediment corers. With this
strategy we captured information from DNA (local or deposited from the water column) that
persists adsorbed to inorganic particles and buffered short-term spatial and temporal het-
erogeneity. We analysed replicated samples from 20 localities including 2 deep-sea can-
yons, 1 shallower canal, and two open slopes (depth range 100–2,250 m). We identified
1,629 MOTUs, among which the dominant groups were Metazoa (with representatives of
19 phyla), Alveolata, Stramenopiles, and Rhizaria. There was a marked small-scale hetero-
geneity as shown by differences in replicates within corers and within localities. The spatial
variability between canyons was significant, as was the depth component in one of the can-
yons where it was tested. Likewise, the composition of the first layer (1 cm) of sediment was
significantly different from deeper layers. We found that qualitative (presence-absence) and
quantitative (relative number of reads) data showed consistent trends of differentiation
between samples and geographic areas. The subset of exclusively benthic MOTUs showed
similar patterns of β-diversity and community structure as the whole dataset. Separate anal-
yses of the main metazoan phyla (in number of MOTUs) showed some differences in distri-
bution attributable to different lifestyles. Our results highlight the differentiation that can be
found even between geographically close assemblages, and sets the ground for future
monitoring and conservation efforts on these bottoms of ecological and economic
importance.
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Introduction
The field of biodiversity assessment has been revolutionized in recent years by the application of
the genetic barcode concept to DNA extracted from environmental samples and the use of next
generation sequencing technologies. The resulting new approach, called DNAmetabarcoding
[1], was first developed in prokaryote studies and has been successfully applied to studies of
microbial eukaryotes and, to a lesser extent, to fungi, plant, and animal communities (reviewed
in [2–6]). In particular, metabarcoding has proven useful to target marine eukaryotic communi-
ties, both planktonic and benthic (e.g. [7–14]). Metabarcoding has applications not only in bio-
diversity assessment of marine communities per se, but also in studies of ecological impacts (e.g.
oil spills: [15,16]), ecosystem dynamics (e.g. [17]), symbioses (e.g. [18,19] diets (e.g. [20]), study
of ancient DNA (e.g. [21]) or identification of endangered or pest species (e.g. [22,23]). The
spectrum of potential applications of metabarcoding will likely continue to widen [24–26].
Metabarcoding techniques include both species identification from bulk organismal samples
where the organisms have been isolated before the analysis, or from environmental DNA
(eDNA) defined as the genetic material obtained directly from samples (soil, sediment, water. . .)
without first isolating any target organisms [1, 27]. In a more restricted sense, eDNA is the one
obtained from samples without any obvious signs of biological source material [26]. This defini-
tion is somewhat contentious, though, as big-size organisms will be present as cellular remains
or free DNA; while complete, living small-organisms can be sampled [5,26]. In fact eDNA, as
commonly referred to in the literature, is a continuum fromDNA contained in whole living
organisms to extraorganismal DNA in tissue remains or free, extramembranous DNA in the
environment [28]. The mode of extraction may be more relevant than the sampling method in
determining which fraction of the DNA is captured. We chose to use a fast extraction method
without a lysis step, which implied that our samples recovered mostly extracellular DNA. This
method was recently developed for soil samples [29]. As extracellular DNA adsorbed to particu-
late matter persists much longer than free DNA in water [5, 21, 28, 30], targeting this fraction
will likely allow buffering short-term spatial and temporal heterogeneity [29].
Metabarcoding studies target DNA that may be old and degraded, thus requiring short bar-
code sequences [1, 31]. In metabarcoding, the universality of the primers is crucial [32] and,
due to the short length of the DNA amplified, identification to species level is not always possi-
ble. The identification of Molecular Operational Taxonomic Units (MOTUs), even without a
species name, suffices for many ecological applications. The ability to characterize the biodiver-
sity of a sample in this way outcompetes the classical use of indicator species (which are often
biased towards emblematic or apparent species [4, 33]) or the traditional taxonomic studies
where only a fraction of the present biodiversity can be assessed, in a time-consuming and
costly process [2, 4, 26] depending heavily on available taxonomic expertise (which is scarce
worldwide, particularly for invertebrates, [34]). The study of environmental DNA is by now a
“game-changer” in the way we assess and monitor biodiversity [35].
The marine sediments are allegedly home to one of the richest species pools on Earth, but
logistics and a dearth of taxonomic work-force hinder the knowledge of their biodiversity, and
more so for deep-sea sediments [36–40]. These communities have key ecological roles, pro-
vide important ecosystem services, and are sensitive to anthropogenic disturbances [37, 40–
42]. They also provide a field laboratory for analysing the link of biodiversity patterns above
and below the sediment-water interface, which is poorly understood [43]. Deep-sea sediment
communities are one clear example where metabarcoding techniques can foster a leap forward
in our ability to describe biodiversity patterns and dynamics [44,45] and indeed they have
been the target of studies using eukaryote DNA obtained from environmental samples(e.g.
[5,10, 39, 46, 47]).
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In this study we analysed the DNA present in sediments from deep-sea submarine canyons
in the Western Mediterranean. These ecosystems represent hotspots of biodiversity and are
important drivers of the dynamics of the commercial fisheries associated with them [41, 48].
These assemblages face important threats nowadays in the Mediterranean, mostly related to
human activities [48–50]. We wanted to test a metabarcoding approach targeting environmen-
tal DNA (enriched in extracellular DNA) from sediment corers; amplifying short sequences of
the 18S rRNA gene, and sequencing them on an Illumina platform. We analysed the sequence
data for spatial heterogeneity at several scales, compared information from layers of sediment,
and assessed patterns of distribution with depth. Our ultimate goal was to develop efficient
tools to characterise patterns of community structure that could set the ground for monitoring
studies on these bottoms of ecological and economic value.
Material and Methods
Sampling
The samples were collected in the Western Mediterranean during the DOSMARES and INDE-
MARES cruises aboard the oceanographic vessel R/V García del Cid of the Spanish Research
Council in March and June, 2012, respectively (S1 Table). The DOSMARES project focused on
the Blanes Canyon (NE Iberian Peninsula) and the adjacent open slope area (S1 Fig). Three
zones were sampled in the INDEMARES project: the Cap de Creus Canyon in the NE Iberian
Peninsula, and the Menorca Canal and the Serra de Tramuntana Slope in the Balearic Islands
(S1 Fig). In both locations, permits for the sampling activities were issued by the Spanish Min-
istry of Agriculture, Food, and the Environment (MAGRAMA). We will hereafter use the term
Zone to refer to the five major study points (CC: Cap de Creus, BC: Blanes Canyon, OS: Blanes
Open Slope, MC: Menorca Canal, ST: Serra de Tramuntana Slope). We will use the term Area
to refer to the Iberian Peninsula or the Balearic Islands coasts. Geophysical features of the sam-
pled zones are described in [48, 51–54].
Samples were taken either with a multicorer (DOSMARES) or a box corer (INDEMARES)
and then sub-sampled with mini-corers 3.6 cm in diameter to get 5 cm of sediment thickness.
For the DOSMARES project, the mini-corers were further split into three layers (A: first cm; B:
second cm; C: third to fifth cm); for the INDEMARES project the samples were not separated
by layer. Two types of replication were used: in the INDEMARES project, three mini-corers
were obtained from the same haul (i.e., from the same box corer), while in the DOSMARES
project one mini-corer each was collected from two hauls obtained in the same locality (sepa-
rated ca. 100 m). All samples were then preserved in ethanol, although one of the replicates per
locality of the DOSMARES project was preserved in DESS (20% DMSO; 0.25 M EDTA; NaCl
saturated, pH = 8) [55] as they were originally intended also for morphological analyses. A
total of 81 samples from 20 localities were obtained, 51 from the DOSMARES cruise compris-
ing depths of between 500 and 2,250 m, and 30 from the INDEMARES cruise at depths of
between 100 and 800 m. S1 Table gives the particulars of the different localities sampled.
DNA extraction, amplification and next generation sequencing
The sediment of each sample was homogenized and 9 grams of sediment were processed with a
protocol optimized for the extraction of extracellular DNA (as in [29]). In short, the sediment
was mixed with an equivalent volume of phosphate buffer (Na2HPO4/NaH2PO4; 0.12 M, pH
8) and the mixture was then homogenized in a shaker for 15 minutes. This step allows recovery
of the DNA adsorbed to particulate matter, while intraorganismal DNA is mostly avoided [29].
An aliquot (2 ml) was centrifuged for 10 min at 10000 rcf, and 0.5 ml of the supernatant con-
taining extracellular DNA was extracted using DNeasy Blood Tissue Kit from Qiagen. One
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sample of layer B in the Blanes Canyon was excluded from the analyses because it had less than
9 grams due to a problem during processing.
A hypervariable fragment of the 18S rRNA gene in the v7 region (usually 100–110 bp) was
amplified with a new universal primer pair for eukaryotes designed by PT and EC using the eco-
Primers program [32]. This program optimizes the primers by taking into account both the con-
servation of the primers' targets and the variability of the amplified region. The primer pair was
labelled 18S_allshorts (Forward 5’-TTTGTCTGSTTAATTSCG-3’ and Reverse
5’-GCAATAACAGGTCTGTG-3’). Primer logos [56] and other parameters reflecting the speci-
ficity and suitability of these primers for eukaryotes are presented in S2 Fig. Amplification was
performed in a total volume of 30 μl with 0.24 μl of AmpliTaq1 Gold DNA polymerase (Applied
Biosystems) 5U/μl, 1.2 μl of 5 μM of forward and reverse primers mix, 3 μl of buffer 10x, 3 μl of
MgCl2, 2.4 μl dNTP (2.5 mM each), 0.24 μl of BSA (20mg/ml) and 3 μl of DNA template. The
PCR conditions consisted in a first denaturation step of 10 min at 95°C and then 45 cycles of
denaturation at 95°C for 30 s, hybridisation at 45°C for 30 s and elongation at 72°C for 30 s.
Three PCR per sample were performed and pooled. Tags of 8 base pairs were added to the
forward and reverse primers to uniquely label each sample. The tags were created with the pro-
gram oligotag of the OBITools software [57] (http://metabarcoding.org/obitools) and had at
least 3 different base pairs between them. The amplification products were purified with the
MiniElute PCR Purification Kit (Qiagen) and the DNA was quantified by the QIAxcel device.
14 negative controls were run amplifying ultrapure water (Milli-Q system). Library preparation
(a single library was generated) and sequencing (MiSeq Illumina platform, 2x150 bp paired-
ends partial run) were performed at the FASTERIS facilities (Plan-les-Quates, Switzerland;
https://www.fasteris.com/dna/).
Read filtering and taxon assignment
The sequence reads were analysed using the OBITools software [57]. First, the paired ends of
each sequence were assembled. Exact matches of sample tags were then used to assign reads to
samples, and low-quality sequences (fastq average quality score<35) and sequences of non-
suitable length (<80 bp) were removed. Strictly identical sequences were dereplicated and
assigned a count number per sample. Rare sequences (i.e., sum of counts<10) were eliminated.
The obiclean program was then run to detect amplification/sequencing errors and chimeric
sequences. This denoising procedure gives each sequence within a PCR product the status of
‘‘head” (most common sequence among all sequences that can be linked with a single indel or
substitution), ‘‘singleton” (no other variant with a single difference in the relevant PCR prod-
uct), or ‘‘internal” (all other sequences not being ‘‘head” or ‘‘singleton”, i.e. most likely corre-
sponding to amplification/sequencing errors) [57]. Only sequences that were more often ‘head’
or ‘singleton’ than ‘internal’ in the global dataset were kept for the following steps. The result-
ing dataset was further checked with UCHIME [58], using both de novo and reference-based
searches, and no remaining chimeric sequences were detected.
The sequences were then clustered (heuristic clustering in sumaclust program) using a cut-
off value of 96% sequence similarity. The rationale for the choice of the threshold value is pre-
sented in S1 File. For each cluster, the sequence with the higher number of reads was taken as
the cluster representative for further analyses, and the counts of the remaining sequences were
added to it. The taxonomic assignment was performed using the ecotag program [59] which
finds similar sequences in a reference database and assigns the query sequence to their most
recent ancestor using the NCBI taxonomy database [60]. The reference database was con-
structed with the program ecoPCR [61] for the 18S fragment based on the release 117 of the
EMBL database. Only the sequences with a best identity match of 90% or more were kept at
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this step. This filtering would remove any remaining PCR artefacts, but at the cost of losing
organisms from deep branches or those not adequately represented in reference databases. The
trade-off between excluding artefacts and genuine, albeit rare, sequences is not easily solved
[62]. Our 90% threshold represents a conservative approach, following other studies in benthic
communities (e.g., [2, 8, 9,15]). In the interval 90–100%, the frequency of MOTUs showing a
given similarity was quite evenly distributed, with an increase at similarities98%, which
made up for 25% of all MOTUs (S3 Fig).
Once the taxa list was acquired, further filtering processes were carried out to refine the
dataset. We set to 0 the counts of sequences per sample that might correspond to samples
cross-contamination (due to the tagging system used to identify the samples, and to the library
preparation step before sequencing): for each sequence the counts per sample were ordered
from lowest to highest and those corresponding to a cumulative frequency inferior to 0.01 were
set to 0. Second, sequences present in the negative controls after the previous step were
removed. Finally, we manually reviewed retained sequences and eliminated clearly non-marine
organisms (these could be contaminations or DNA of continental origin present in the sedi-
ment). The final retained sequences were considered as molecular operational taxonomic units
(MOTUs) on which we performed the analyses. These sequences, as well as the OBITools com-
mands used, have been uploaded to the DRYAD repository (doi: 10.5061/dryad.520gq)
For the analysis of distribution patterns, we grouped our sequences following the major
Super-Groups of eukaryotes suggested by [63], with one exception: we split the Super-Group
Opisthokonta into Metazoa, Fungi, and other Opisthokonta. As we were particularly interested
in the Metazoa, we also analysed their abundance data by phylum.
Data analysis
A table was constructed with the number of reads of each MOTU per sample. This dataset was
used both qualitatively and quantitatively. A similarity index based on presence-absence data
(Jaccard index) was obtained with the Primer v6 statistical package [64]. Quantitative inference
using number of reads of a given MOTU is controversial [5, 65, 66] and it has been suggested
that relative abundances, rather than absolute values, are more reliably obtained from metabar-
coding data [6, 13]. We therefore calculated the relative number of reads of each MOTU per
sample, and averaged these values over samples to obtain a measure of global relative abun-
dance for each MOTU or group of MOTUs. The relative number of reads was square-root
transformed and used to calculate a quantitative similarity matrix using the Bray-Curtis index
in Primer v6. To assess the small-scale heterogeneity of the samples, we compared the similari-
ties found with both qualitative and quantitative data using different groupings of samples.
Thus, we compared similarities within the same box-corer in the INDEMARES project (three
replicates from the same haul) with the ones found in the DOSMARES samples (two indepen-
dent hauls from the same locality), and with the similitudes obtained when comparing samples
from different localities in the same zone (CC, BC, OS, MC, ST), different zones within the
same area (Iberian Peninsula and Balearic Islands), and different areas.
Rarefaction curves were obtained with the vegan 2.0–7 package for R [67], using function
rarecurve, to assess the gain in MOTU richness as we increase the number of reads for each sam-
ple. We also used the specaccum function, using random addition of samples and 1000 permuta-
tions, to investigate the relationship of MOTU richness with increasing numbers of samples.
We also analysed the geographic span of the different MOTUs in terms of the number of
localities and zones where a given MOTU is present. MOTU richness (rarefied to the number
of reads corresponding to the sample with less reads to allow for statistical comparisons) was
also calculated using the function DIVERSE of Primer v6. These values were compared among
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zones (all samples), across layers of sediment (DOSMARES samples), and among depths
(DOSMARES samples).
Permutational analyses of variance were performed with the Windows PERMANOVA
module [68] incorporated in Primer v6. We first combined the DOSMARES and INDEMARES
samples to test the effect of zone (fixed factor with five levels: BC, OS, CC, MC, ST) and locality
(nested within zone). PERMANOVA analyses were also performed for the DOSMARES sam-
ples alone to test the effect of layer (fixed, with three levels: first cm, second cm, and rest of the
sample) and depth (fixed, 7 levels). For all significant factors, permutational pair-wise tests
were performed. As these tests were uncorrected for multiple comparisons, we applied a Benja-
mini-Yekutieli FDR correction following Narum [69]. Tests of multivariate dispersions
(PERMDISP function) were also done to ascertain whether significant values in PERMA-
NOVA were a result of different heterogeneity of the groups (spread) instead of different multi-
variate mean location.
Results were also visualized with non-metric multidimensional scaling (nmMDS) ordina-
tions. The analyses were performed in vegan [67] using themetaMDS function. Unlike MDS
programs that find a single configuration by iteration and thus can get trapped in local optima,
metaMDS performs different random starts and compares them to find a stable solution. We set
the number of random starts to 500. We performed the nmMDS ordinations on distance matri-
ces based on the Jaccard coefficient (in distance form) using presence-absence data, and on
matrices based on the Bray Curtis index (in distance form) taking into account relative abun-
dances. MDS configurations were obtained for the different localities studied (both projects
pooled) and, for the DOSMARES project alone, for the different layers of sediment and the dif-
ferent depths sampled. The latter analysis was performed separately for the first layer of sedi-
ment and for the other two layers pooled (following PERMANOVA results, see below). The
different configurations obtained with presence-absence and relative abundance data were com-
pared using Procrustes analyses [70] as implemented in vegan (function Protest). Function envfit
of vegan was used to correlate depth with the ordinations obtained for the two sediment layers
considered, and to obtain and plot the corresponding gradient vectors in nmMDS ordinations.
Additionally, a Mantel test was conducted to check for correlations between geographic dis-
tances among localities (in kilometres) and MOTU dissimilarity using the Jaccard index (trans-
formed to distance). The Mantel test was performed using the ade4 package for R (function
mantel.rtest) and its significance was tested by permutation [71].
To gain insights into the ecological function of the main groups of organisms, a separate
analysis was performed using only MOTUs that could be assigned to benthic groups. We con-
sidered as benthic MOTUs those with a known holobenthic cycle or, if pelago-benthic, with
restricted dispersal phase (lecitotrophic larvae). This classification was based on an exhaustive
perusal of available literature on the closest GenBank matches of each MOTU and on general
characteristics of the group (Class, Family, Genus) where the MOTU belongs. The selected
MOTUs are indicated in the deposited database (doi: 10.5061/dryad.520gq). In addition, we
ran separate analyses for the three most MOTU-rich metazoan phyla (Annelida, Arthropoda,
and Nematoda, see Results).
Results
The MiSeq partial run produced a total of 3,840,493 reads. After sample assignment, quality and
sequence-length filtering, and elimination of rare sequences, we were left with 2,720,318 reads
corresponding to 12,751 different sequences. Further sequence error pruning and chimera
removal (obiclean) reduced the number of sequences finally retained to 8,215. These sequences
were clustered (96% similarity cut-off) and, after final checking, 1,629 MOTUs with>90%
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sequence identity to their best hit were retained. They belonged to 10 eukaryote Super-Groups
(modified from [63], see Methods). The mean number of reads and MOTUs per sample were
11,412±90.51 and 221.44±11.69 (mean±SE). The controls featured less than 750 reads per sam-
ple on average. The list of the MOTUs considered, their taxonomic assignment, and the number
of reads in the samples is available in the Dryad repository (doi:10.5061/dryad.520gq).
The ranking of the different Super-Groups, as per total number of MOTUs, is plotted in Fig
1. The relative number of reads per sample is also represented. Metazoa was the most abundant
group for both variables. However, they had a disproportionally higher abundance when con-
sidering relative read numbers, likely due to their bigger sizes which translate into higher ribo-
somal DNA presence in the sediment environment. Alveolata (mostly dinoflagellates and
ciliates), Rhizaria and Stramenopiles were the next most abundant groups (again both in terms
of total MOTUs and relative abundance, Fig 1). The other Super-Groups had a marginal repre-
sentation in our samples. The proportion of MOTUs of the different Super-groups as per sam-
pling locality is shown in S4 Fig.
Within metazoans, the most MOTU-rich phylum was Arthropoda (Crustacea), followed by
Annelida (Polychaeta) and Nematoda. Porifera, Chordata, Playthelminthes, Cnidaria and Mol-
lusca followed at some distance (Fig 1). These phyla were consistently the most diverse in all
localities (S4 Fig). The differences between richness and relative abundances of the phyla were
marked. While annelids ranked second in number of MOTUs, they dominated when consider-
ing proportion of reads. Likewise, Nematoda had relatively few numbers of reads even if it was
one of the most diverse groups. These differences correlate with size differences of the taxa and
suggest that relative number of reads may capture relative biomass of the groups.
Beta-diversity and rarefaction analyses
The values of compositional similarity (Jaccard index) based on presence-absence data between
replicate samples (i.e., individual mini-corers) taken from the same box-corer (INDEMARES
project) were of 31.67±1.49% (mean±SE). Similarities between two consecutive hauls in the
same locality (DOSMARES project) were lower (24.02±0.79%). The mean similarity decreased
progressively (Fig 2) as we compared samples from localities in the same zone, samples from
localities from different zones within the same general area (Iberian Peninsula or Balearic
Islands) and, finally, samples from localities from different areas, which presented a low simi-
larity (only 10.63±0.13% shared MOTUs). The major break in species replacement occurred
between the two geographic areas considered, as the number of shared MOTUs between any
two samples decreased ca. 40% with respect to the number found when comparing samples
within areas (Fig 2). A similar pattern was found when comparing similarities based on relative
abundance (Bray-Curtis index), which is highest (41.50±2.25%) among replicates within box-
corers and lowest (16.09±0.22%) when comparing samples from different areas (Fig 2). All
these mean similarities were significantly different among all groupings for both indexes
(ANOVA test, p<0.001, and Student-Newman-Keuls post-hoc tests, all p<0.05).
We also examined the distributional span of the MOTUs recovered, in terms of the number
of localities (out of 20 localities) or number of zones (CC, BC, OS, MC, ST) where a particular
MOTU is present. The frequency distribution of numbers of localities (Fig 3) showed a peak at
two localities, with a long right tail (median: 4 localities, mean: 5.88 localities). Only 9 MOTUs
were found in all 20 samples, these were three polychaetes, two dinoflagellates, two sponges, a
radiolarian, and an ascidian. When considering zones, MOTUs present in 2 zones were the
dominant (Fig 3).
For each particular sample we could compute rarefaction curves relating number of reads
with MOTU richness (S5 Fig). The results showed that only the samples with higher number
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Fig 1. Rank order of the main Super-Groups (A) andmetazoan phyla (B) according to total number
MOTUs in the samples. The red line indicates the mean proportion of reads of the taxa in the samples.
doi:10.1371/journal.pone.0139633.g001
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Fig 2. Average similarities between pairs of samples in different categories of comparisons. Both the Jaccard index (presence-absence data) and the
Bray-Curtis index (relative abundance data) results are presented. Error bars are standard errors.
doi:10.1371/journal.pone.0139633.g002
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of reads tended to reach a plateau in the number of MOTUs. The remaining samples reached a
zone of slope change but not a saturation zone. This indicates a high complexity of the commu-
nities, so that the sequencing depth attained (mean>11,000 reads/sample) captured a signifi-
cant amount of the diversity present, but an exhaustive record would need a higher coverage.
Curves of species (MOTUs) accumulation, obtained through random (100 replicates) addi-
tion of samples, showed that the slope change occurs when pooling between 20 and 30 samples
(S6 Fig), again indicating a noticeable heterogeneity in species composition in our samples.
Community structure
For statistical comparison, values of MOTU richness were rarefied to the number of reads of the
sample with the least of them (which varies according to the groupings made). These values
were then compared between zones, sediment layers (DOSMARES project) and depths (DOS-
MARES project) (Fig 4). As per zones, rarefied MOTU richness (averaged over samples) was
between a mean of 108 (Open Slope) and 63 (Menorca Canal). The mean value was significantly
lower in the Menorca Canal than in the Blanes Canyon and its Open Slope (ANOVA p = 0.014,
followed by Student-Newman-Keuls test). Layer A was the most MOTU-rich (average 159), but
the differences were not significant (Kruskal-Wallis test, p = 0.086, Fig 4). Likewise, no signifi-
cant differences were found between depths in the Blanes area (ANOVA, p = 0.069, Fig 4), albeit
these values were the lowest at the shallowest samples (500 m). An analysis of an index that
takes into account the relative abundance (in number of reads) of MOTUs, the Simpson index,
showed the same overall trends as the qualitative MOTU richness index, except that there was
no significant difference among zones (results not shown). Finally, a comparison of MOTU
richness and the Simpson index of the replicates preserved in DESS and in ethanol (DOS-
MARES project) showed no significant differences (paired t-tests, all p>0.5).
The results of the nmMDS using the Jaccard index showed a clear distinction between zones
situated in the Iberian Peninsula and in the Balearic Islands (Fig 5A). Within these two areas,
the different zones were also distinguished, albeit with some overlap of the inertia ellipses (par-
ticularly between the Blanes Canyon and the adjacent Open Slope). PERMANOVA analyses
showed that all zones were different from one another in terms of community composition
(Table 1), except for the comparison between Menorca Canal and Serra de Tramuntana Slope,
which was not significant after correction for multiple comparisons. PERMDISP detected differ-
ences in heterogeneity levels between zones that could explain some of the pairwise differences
found (Table 1). The nested factor locality was also significant, indicating relevant within zone
Fig 3. Distributional span of the MOTUs. The graph represents the frequency histograms of the number of MOTUs present in 1 to 20 samples or in 1 to 5
zones (right axis).
doi:10.1371/journal.pone.0139633.g003
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 10 / 26
Fig 4. MOTU richness. Values rarefied to the number of reads of the smallest sample in each grouping are
given for the different zones (A), layers (B), and depths (C) considered. Values are sample means and error
bars are standard errors.
doi:10.1371/journal.pone.0139633.g004
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variability, as well as heterogeneity of dispersion at this level (Table 1). The nmMDS representa-
tion using quantitative (Bray-Curtis index) data showed a similar sample ordination (Fig 5B)
than the one obtained with qualitative data (Procrustes correlation = 0.991, p<0.001). Likewise,
statistical analyses gave essentially the same outcomes for quantitative and qualitative data, and
the latter are not shown (the only difference being that the pairwise comparison between Blanes
Canyon and the adjacent Open Slope was not significant with quantitative data).
Fig 5. Non-metric Multidimensional Scaling plots of the samples obtained using Jaccard dissimilarity index (A), and Bray-Curtis dissimilarity
index (B) for the whole dataset. The centroids for the different zones, and the corresponding inertia ellipses, are indicated. Numbers inside the plots are the
stress values of the retained configurations.
doi:10.1371/journal.pone.0139633.g005
Table 1. PERMANOVA analysis (9,999 permutations) comparing the five zones surveyed using Jaccard index. PERMDISP probabilities for homoge-
neity of dispersion are also shown. Pairwise tests for levels of the factor Zone are presented with uncorrected P-values. Significant values after FDR correc-
tion are indicated with an asterisk. The symbol § denotes comparisons for which PERMDISP detected a significant heterogeneity of dispersion.
df SS pseudo-F P-value Permdisp
Zone 4 53,130 3.357 <0.001 <0.006
Locality(Zone) 15 62,097 1.519 <0.001 <0.001
Residual 61 166,230
Zone
Comparison t P-value
BC- CC 1.6391 <0.001*
BC- MC 2.2249 <0.001*§
BC- OS 1.2851 0.008*
BC- ST 2.2953 <0.001*§
CC- MC 1.6613 0.006*
CC- OS 1.6176 0.001*
CC- ST 1.8087 0.003*
MC- OS 2.0085 <0.001*
MC- ST 1.4561 0.035
OS- ST 2.0636 <0.001*§
doi:10.1371/journal.pone.0139633.t001
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The Mantel test comparing geographic distances with community dissimilarities using the
Jaccard index (transformed to distances) showed a significant outcome (p<0.001). This finding
highlights a pattern of increasing differences in community composition with distance (S7
Fig), albeit the relationship is not linear; rather, some degree of saturation can be seen in the
graph, as at distances over 120 Km the dissimilarity appears to be stabilized.
Concerning the different layers of sediment (DOSMARES samples), PERMANOVA clearly
showed differences between the most superficial layer A (first cm) and the two remaining lay-
ers (B, second cm) and C (cm 3 to 5), which were not different (Table 2). The factor Depth was
also highly significant, but the interaction was not (Table 2), indicating similar effects of depth
on the three layers. As before, qualitative and quantitative data yielded the same statistical out-
comes, and only the former are presented in Table 2. The similarity between layers within the
Table 2. PERMANOVA analysis (9,999 permutations) comparing the factors Layer (fixed) and Depth (fixed) for the samples of the DOSMARES proj-
ect using Jaccard index. PERMDISP probabilities for homogeneity of dispersion are also shown. Pairwise tests for levels of the significant factors are pre-
sented with uncorrected P-values. Significant values after FDR correction are indicated with an asterisk. The symbol § denotes comparisons for which
PERMDISP detected a significant heterogeneity of dispersion (in comparisons of layers only, as the overall test was not significant for depth).
df SS pseudo-F P-value Permdisp
Layer 2 9,053.3 1.565 0.004 0.026
Depth 6 30,412 1.752 <0.001 0.174
Layer*Depth 12 32,563 0.938 0.888
Residual 30 86,775
Layer
Comparison t P-value
A-B 1.360 0.006*§
A-C 1.431 0.002*§
B-C 0.935 0.704
Depth
Comparison t P-value
500–900 1.214 0.158
500–1200 1.168 0.201
500–1500 1.214 0.155
500–1750 1.477 0.001*
500–2000 1.638 0.003*
500–2250 1.455 0.020
900–1200 1.143 0.238
900–1500 1.192 0.175
900–1750 1.444 0.001*
900–2000 1.563 0.002*
900–2250 1.543 0.013*
1200–1500 1.033 0.465
1200–1750 1.250 0.024
1200–2000 1.493 0.005*
1200–2250 1.381 0.032
1500–1750 1.060 0.311
1500–2000 1.336 0.018
1500–2250 1.290 0.074
1750–2000 1.209 0.037
1750–2250 1.255 0.018
2000–2250 1.169 0.124
doi:10.1371/journal.pone.0139633.t002
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same mini-corer was 22.62±0.71 and 35.76±1.87% for the Jaccard and the Bray-Curtis coeffi-
cients, respectively (mean±SE). We subsequently plotted two groups (layer A and layers B+C)
onto nmMDS ordinations (Fig 6). While there was some separation of the centroids, the differ-
ences seem to stem from a much higher heterogeneity (and hence dispersion in the nmMDS
space) of samples in the layers B+C, a fact corroborated by a significant PERMDISP test
(Table 2). nmMDS results from presence-absence and from abundance (n. of reads) data
showed a highly similar arrangement (Fig 6, Procrustes correlation = 0.976, p<0.001).
The significant depth effect was not due to differences in heterogeneity of dispersion, and
pairwise comparisons showed significant or marginally significant effects when layers
Fig 6. Non-metric Multidimensional Scaling plots of the sediment samples separated by layers (layer A, first cm of sediment in the corer; layer B,
second cm; layer C, cm 3–5).Ordinations are obtained using Jaccard dissimilarity index (A), and Bray-Curtis dissimilarity index (B). The centroids of layer A
and layers B+C, and the corresponding inertia ellipses, are indicated. (C) nmMDS plot obtained for layer A alone with the Jaccard index. (D) nmMDS plot
obtained for layers B+C with the Jaccard index. Samples in these plots are presented with color-coded depth categories and the fitted gradient vector of
depth is added. Numbers inside the plots are the stress values of the retained configurations.
doi:10.1371/journal.pone.0139633.g006
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separated by several depth levels were compared (Table 2). When the samples for layer A and
for layers B+C were plotted separately, the patterns obtained were significantly correlated (Pro-
crustes correlation = 0.702, p<0.001), and a gradient of ordination by depth emerged in both
cases (Fig 6). When depth was fitted as an environmental vector, it was significantly correlated
with the ordinations obtained (r2 = 0.612, p = 0.002 and r2 = 0.675, p<0.001 for layers A and
B+C, respectively). Again, ordinations obtained from presence-absence data (Jaccard index)
and abundance data (Bray-Curtis index, not shown) yielded similar results (Procrustes correla-
tions, p<0.001 in both cases), and the same occurred with the statistical analyses; thus only
ordinations using the Jaccard index are shown in Fig 6.
Analyses of main groups
The benthic MOTUs and the most MOTU-rich groups of metazoans (phyla Annelida, Arthro-
poda, and Nematoda) were analysed separately. We identified 742 MOTUs as benthic organ-
isms. Their pattern of similarity among samples followed the same decreasing trend seen in the
global dataset (S8 Fig). The same pattern was found for the major metazoan phyla, although in
the case of annelids there was no decrease in the similarity when comparing between zones and
between areas. In addition, in this group the similarity of mini-corers within the same box-
corer was higher (48.02%) than in the global dataset (31.67%) or in the other phyla considered
(less than 30%).
The spatial distribution of the MOTUs in these groups (Fig 7) showed that in all cases the
highest frequency of occurrence was at two localities (as in the global dataset) and the mean
span was ca. 5.5 localities for benthic MOTUs and 5.3 for annelids and arthropods. Nematodes
were the group less widespread, with each MOTU present in an average of 3.9 localities and
only one MOTU present in more than 11 localities. Per zones, benthic MOTUs and nematodes
had the highest frequency of occurrence at one or two zones, while annelids and arthropods
tended to be more widespread (with a higher frequency of MOTUs common to two and three
zones, Fig 7).
The nmMDS ordinations of the main groups (Fig 8) recovered a similar configuration as in
the global dataset for benthic MOTUs, while the differentiation between zones appeared less
distinct with the other groups, particularly the separation between the two zones in the Balearic
Islands (Fig 8). Nevertheless, PERMANOVA analyses showed a significant effect of the factor
zone in all cases (S2 Table), and an heterogeneous level of dispersion in benthic taxa, annelids
and arthropods. The nested factor locality was also significant in all cases (S2 Table).
Discussion
Using a procedure targeting short 18S sequences of extracellular DNA coupled with Illumina
sequencing, we have assessed the composition of deep-sea sediment communities across a
range of depths and geophysical conditions. A high α-diversity was detected, with over 1,600
MOTUs identified in samples from 20 localities, with several levels of replication. This allowed
us to detect a fine-grained heterogeneity at small scales (within corer and within locality) and
important differences in taxa composition between geographic areas. The rarefaction curves
showed that saturation is not found in most samples, which is likely due to the complexity of
the communities studied and the fact that small fragments of extracellular DNA can persist in
the sediments. On the other hand, MOTU accumulation curves revealed that>30 samples are
necessary to encompass the MOTU richness of the whole region studied. Thus, although our
sampling effort and sequencing depth allowed structure assessment and community compari-
son, more replicates and/or bigger samples are necessary if a full characterization of the diver-
sity is the goal. It is likely that the actual living community in the sediments is less complex,
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Fig 7. Distributional span of the MOTUs of the benthic taxa and the main metazoan phyla analysed.
The graphs represent the frequency histograms of the number of MOTUs present in 1 to 20 samples (left
axis), or in 1 to 5 zones (right axis).
doi:10.1371/journal.pone.0139633.g007
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and analysing RNA or a longer fragment of DNA (that could degrade more quickly) can offer a
complementary picture. Another potential shortcoming is the use of two preservation methods
(DESS and ethanol) in one of the cruises, which was related to logistics of the different projects.
DESS is nowadays a proven method for preserving adequately the DNA in sediment samples
[8, 9, 72]. In our case, no significant differences in number of reads or MOTUs was detected
between replicates preserved in ethanol or in DESS, and no preservation-related structure
could be seen in the analyses. We do not therefore expect to have any bias in the results due to
the preservation method.
Fig 8. Non-metric Multidimensional Scaling plots of the samples obtained using Jaccard dissimilarity index for the benthic taxa and the main
metazoan phyla. The centroids for the different zones, and the corresponding inertia ellipses, are indicated. Numbers inside the plots are the stress values
of the retained configuration.
doi:10.1371/journal.pone.0139633.g008
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The use of a separation step (via elutriation) of organisms prior to DNA extraction affects
the diversity of metazoan vs non-metazoan taxa recovered in metabarcoding of meiofaunal
assemblages [45]. We chose to work on bulk samples unsieved and unsorted [39, 46, 47, 73] to
retain all extracellular DNA. This procedure allowed us to obtain DNA originated in organisms
that had been present in the sediments and in the water column. We identified a 28% of photo-
synthetic MOTUs in our deep sea samples, that should correspond to DNA imported from the
water column, and only ca. half (46%) of our MOTUs could be assigned to exclusively benthic
(or with short-lived pelagic larvae) organisms. The true percent of benthic organisms should
be, notwithstanding, higher than that, as many MOTUs had long-lived larvae or could not be
assigned an unambiguous lifestyle. Pawlowski et al. [6] reported the finding of>30% plank-
tonic OTUs in sediment samples. Given the abundance and ubiquity of DNA in marine sedi-
ments [74, 75], our approach can provide a cost-effective way to characterize a large fraction of
the marine biodiversity using the sediments as DNA repositories that keep record of organisms
above and below the sediment interface. Further studies should be aimed at comparing the
information gleaned from extraction methods with and without lysis step (thus capturing
mostly intracellular or extracellular DNA, respectively), and from DNA and RNA, which
potentially indicates the living organisms present at the time of collection (e.g. [12,73]).
One of the recognized problems of the metabarcoding approach is the number of artefacts
and errors generated during the amplification and sequencing process, chimeric sequences
among them [76–79]. We tried to avoid these shortcomings using a stringent filtering proce-
dure. For instance, we eliminated not only singletons [79], but all sequences with less than 10
reads. We also discarded all reads with less than 90% similarity with their best hit in GenBank.
The associated risk it that they may correspond to deeply divergent lineages [8, 39, 46] not ade-
quately represented in the current databases. The ecotag procedure assigns sequences to a taxon
that is the most recent common ancestor of the sequence in the database with the highest simi-
larity (best hit) to the query sequence, and all other sequences in the database within this level of
similarity to the best hit. This procedure therefore places robustly a sequence in a given taxo-
nomic rank. When considering sequences whose best hit was<90%, however, ecotag could not
assign a rank (other than Eukarya) to most (92%) of them; another 4% could be reliably placed
within Metazoa, but of these the majority could not be assigned to a phylum. Lacking a robust
taxonomic placement, we preferred not to use these sequences. The compromise between reli-
ability and efficiency is not easy to reach [62], and the need for comprehensive reference data-
bases should be stressed, in particular for deep-sea communities. Any metabarcoding dataset is
as good as the reference database is. In general, we have taken conservative options at the several
steps involved in the analysis. We consider, then, than the final dataset is reliable.
Another aspect that needs to be taken into consideration is the potential of metabarcoding
for quantitative analyses [5, 66]. Assessing abundance of organisms using read number is risky
and needs previous calibration, as the number of reads will depend on the size of an organism,
on differences in rDNA copy number among groups [3, 80], and on the potential primer bias
(leading to unequal amplification success in different taxa). Only in particular cases can infer-
ences about species abundance be made from read abundances [65]. Relative abundance values
may be more reliable [6, 13]. For many comparative purposes it suffices that differences in rela-
tive abundances of a given group do reflect abundance shifts related, for instance, to habitat or
season [80]. Some studies recommend to use only presence-absence metrics [66], while other
works show that there is generally a correlation between read abundances and biomass of the
different groups, so quantitative information, even if only approximate, can be obtained from
metabarcoding data [14,81,82]. Overall, obtaining quantitative estimates from eDNA remains
challenging due to the many factors affecting the direct relationship between number of reads
and biomass [5,35,82]. In our case, our rankings considering number of MOTUs and
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considering relative number of reads showed discrepancies that were related to the size of
organisms (and hence biomass), so both variables reflect different aspects of the community
composition. On the other hand, the β-diversity results and the community analyses yielded in
general similar results when considering presence-absence and abundance data. Overall, the
usefulness of quantitative data as a proxy for biomass in metabarcoding studies deserves fur-
ther targeted investigation.
Metazoa was the most MOTU-rich and read-abundant group in our samples, followed by
Alveolata (chiefly dinoflagellates and ciliates). Polychaeta, Crustacea, and Nematoda were
dominant in number of MOTUs among the metazoans. While polychaetes are often the domi-
nant group in macrofauna (e.g. [7, 83]), nematodes are the most abundant group in meiofaunal
assemblages in general [38, 41, 84]. In our samples, however, Nematoda ranked third in total
MOTU richness, and seventh among Metazoa in relative read abundance. The latter is expect-
able given than the number of reads may be down weighted by their small size. In other meta-
barcoding studies nematodes dominated the meiofauna [8, 9], although not necessarily at all
sites or times [10, 16]. It should be noted that in all these works the meiofaunal fraction was
physically separated prior to extraction of DNA directly from organisms, while we used
unsieved samples and extracellular DNA. We had, therefore, DNA from organisms of all size
fractions, not just meiofauna. Our primers were adequate for nematodes, as checked with the
available databases, so theoretically there should be no amplification bias against this group.
Our method of extraction, however, may be less effective at obtaining DNA from nematodes.
A comparison with studies addressed specifically at the meiofaunal size fraction or with differ-
ent extraction methods (with and without lysis step) will allow an in-depth comparison of the
advantages and drawbacks of the different procedures.
We found a remarkable heterogeneity in community composition among localities, zones,
and areas. The species turnover (β-diversity) is accordingly high; the number of shared
MOTUs was below 30% when we compared localities within a given zone, and below 15%
among areas. High microgeographical structure has been also found in other studies using
metabarcoding of marine sediments [8]. This correlates also with structure shown in nmMDS
configurations and PERMANOVA analyses, where only the two zones of the Balearic Islands
did not appear as significantly different. Surprisingly, when we analysed MOTUs with suppos-
edly restricted dispersal (benthic), the pattern of differentiation was very similar to the one
obtained with the whole dataset (including DNA from planktonic and widely dispersing organ-
isms). This is likely because our study area is split by two permanent hydrographic density
fronts: the Catalan front over the Iberian Peninsula slope, and the Balearic front over the Bale-
aric Islands slope [85]. This double barrier is probably unpassable by small pelagic organisms,
and as a result both benthic and pelagic organisms in our samples tended to be distributed over
a relatively restricted number of study zones.
When we analysed separately the three main metazoan groups, the overall picture obtained
is similar to the one found with the general dataset. However, the annelids and arthropods
(which comprise a mixture of planktonic, meroplanktonic, and benthic stages) appear less
spread and, particularly, nematodes (lacking free-swimming stages) span in general one or two
zones. Although the factor zone was significant in explaining the distribution of all these
groups, the spatial ordinations showed less distinct clusters when the metazoan groups were
considered separately.
We found differences in community structure between sediment layers, in particular
between the more superficial and the two subjacent layers, which were not significantly differ-
ent. The deeper layers seemed to act as a sink of DNA, harbouring a more heterogeneous com-
munity. It is possible that marine sediments behave in a way similar to terrestrial soils, where
DNA progressively leaches towards deeper layers [86]. A recent metabarcoding work in the
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Northern Gulf of Mexico [16] documented changes in composition of the first 3 cm of sedi-
ment corers with respect to the deeper (3–10 cm) layer, and this difference varied temporally
and spatially.
The drivers of community structure in deep-sea bottoms are diverse, and topographic fea-
tures and organic matter input (linked to primary productivity of overlying waters) are usually
highlighted [87–89]. In the area studied a further driver is the bottom trawling fishery [38, 48],
which reaches down to 1000 m [90] and has effects on sediments much below that depth [50].
The marked heterogeneity at several levels detected with our molecular methods is consistent
with spatial heterogeneity found in morphology-based studies of several components (from
megafauna to meiofauna) of deep-sea bottoms in the study area or in adjacent zones [41, 91–
93]. Our results indicate a differentiation in community structure among depths when consid-
ering both presence-absence and relative abundance (in number of reads) data. However, we
did not find any significant difference in MOTU richness with depth, which can be partly a
result of mixing the DNA from benthic and planktonic origins. If any, richness was lower at
the shallowest localities (500 m). In general, diversity is higher at intermediate depths (i.e., the
slope area) in deep-sea communities (e.g. [94, 95], although the pattern is not universal [38]. In
the Blanes Canyon, a peak in biomass has been observed at intermediate (1050–1350 m) depths
for megafaunal biomass [92], but no clear trends with depth were observed (or they were
detected only seasonally) when considering meiofaunal components [84, 96].
Deep-sea environments cover more than 65% of the earth’s surface and support key ecosys-
tem services, yet they are amongst the least known habitats on earth. It has been estimated that
less than 1% of deep-sea species are presently described [8, 37, 97]. Although there remain a
number of biases and pitfalls to be addressed (e.g. [3, 79, 98, 99]), metabarcoding can produce
comprehensive biodiversity datasets in a short time frame. Morphological approaches are
invaluable, but they are more time-consuming and require taxonomic expertise often difficult
to obtain. Recent works have shown that molecular results compare well with high quality
datasets obtained by conventional methods [11, 24, 100, 101]. We have shown how a metabar-
coding approach can provide community characterization and α- and β-diversity values for
deep-sea environments, which are the raw materials on which ecology and management build.
The field of metabarcoding holds promise for efficiently moving from ecosystem assessment to
ecosystem management [102]. Instead of using a subset of taxa as indicator or umbrella species,
we advocate the use of DNA repositories in bulk sediment samples for an efficient assessment
of deep-sea biodiversity, which, combined with an appropriate presentation and communica-
tion strategy to end-users, will allow a fast transfer of information from monitoring to manage-
ment of these invaluable environments.
Conclusions
We applied a protocol optimized for the extraction of extracellular DNA to samples of deep-
sea sediments. We assayed a new primer set that amplifies a short hypervariable region of the
18S rRNA gene in eukaryotes.
Our results uncovered high α- and β-diversity in the communities analysed. Using stringent
filtering steps, we have identified 1,629 Molecular Operational Taxonomic Units, with Metazoa
being the most diverse group, followed by Alveolata, Stramenopiles, and Rhizaria. AmongMeta-
zoa, Arthropoda, Annelida, and Nematoda were the most diverse phyla present in the samples.
Heterogeneity was present at all scales analysed: between sediment layers, between different
corers, within and between localities, and between geographical zones studied.
Overall, results obtained from qualitative (presence/absence) and quantitative (relative
abundance of reads) data showed similar patterns of community structure.
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The bottoms studied are of great ecological and economic value, and face important threats
nowadays. Our results show that metabarcoding can be used to accurately assess the biodiver-
sity and community differentiation of these bottoms and set the ground for future monitoring
and conservation efforts.
Supporting Information
S1 Fig. Map of the Western Mediterranean, with detail of the sampled area. CC, Cap de
Creus Canyon; BC, Blanes Canyon; OS, Blanes Open Slope; MC, Menorca Canal; ST, Serra de
Tramuntana Slope.
(TIF)
S2 Fig. Characteristics of the 18S_allshorts primer pair targeting eukaryotic groups. A)
Primer logos according to all eukaryote sequences of the EMBL database (release 117); B)
Number of mismatches of the forward and reverse primers according to all eukaryote and non-
eukaryote sequences of the EMBL database (release 117); note that virtually no non-eukaryotes
appear in the figure, indicating that they have above 3 mismatches, which means that the
primer pair is highly specific of eukaryotes; C) Length distribution of the amplicons (excluding
primers).
(TIF)
S3 Fig. Cumulative frequency of MOTUs with a given % identity with the best hit in the ref-
erence database. Only MOTUs with>90% similarity with best match. Values are shown sepa-
rately for all MOTUs and for the main groups.
(TIF)
S4 Fig. Proportions in the different localities of the number of MOTUs of the Super-groups
and the main metazoan phyla considered. Codes of localities as in Table 1.
(TIF)
S5 Fig. Rarefaction curves. The number of MOTUs obtained at increasing number of reads
for each sample are indicated.
(TIF)
S6 Fig. MOTU accumulation curves obtained pooling samples together. Grey areas repre-
sent 95% confidence intervals obtained through randomization.
(TIF)
S7 Fig. Plot of the geographic distance versus community dissimilarity measures obtained
with the Jaccard index.
(TIF)
S8 Fig. Average similarities between pairs of samples in different categories of compari-
sons. The benthic MOTUs and the main metazoan groups are presented separately. Values
correspond to the Jaccard index (presence-absence data). Error bars are standard errors.
(TIF)
S1 File. Choice of threshold value for clustering.
(DOC)
S1 Table. Details of the localities sampled in the two cruises.
(DOCX)
S2 Table. PERMANOVA analysis (9,999 permutations) comparing the five zones surveyed
for qualitative data of the benthic MOTUs and the main metazoan groups. Note that one
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 21 / 26
(Nematoda) and two (Arthropoda) samples were removed from analyses because they had too
few reads and appeared as clear outliers. PERMDISP probabilities for homogeneity of disper-
sion are also shown.
(DOCX)
Acknowledgments
We are indebted to Sara Roman, Chiara Romano and Marta Segura for their help in sample
collection during the DOSMARES cruise. Xavier Rivera and Delphine Rioux helped with sam-
ple processing. We thank Aurélie Bonin and Fred Boyer for assistance with data analyses.
Author Contributions
Conceived and designed the experiments: MGMJU XT PT EC. Performed the experiments:
MG. Analyzed the data: MG OSW PT EC XT. Contributed reagents/materials/analysis tools:
PT ECMJU XT OSW. Wrote the paper: MG XT.
References
1. Taberlet P, Coissac E, Pompanon F, Brochmann C, Willerslev E. Towards next-generation biodiver-
sity assessment using DNAmetabarcoding. Mol Ecol. 2012; 21: 2045–2050. doi: 10.1111/j.1365-
294X.2012.05470.x PMID: 22486824
2. Creer S, Fonseca G, Porazinska DL, Giblin-Davis RM, SungW, Power DM, et al. Ultrasequencing of
the meiofaunal biosphere: practice, pitfalls and promises. Mol Ecol. 2010; 19 Suppl 1: 4–20. doi: 10.
1111/j.1365-294X.2009.04473.x PMID: 20331766
3. Bik HM, Porazinska DL, Creer S, Caporaso JG, Knight R, ThomasWK. Sequencing our way towards
understanding global eukaryotic biodiversity. Trends Ecol Evol. 2012; 27: 233–243. doi: 10.1016/j.
tree.2011.11.010 PMID: 22244672
4. Ji Y, Ashton L, Pedley SM, Edwards DP, Tang Y, Nakamura A, et al. Reliable, verifiable and efficient
monitoring of biodiversity via metabarcoding. Ecol Lett. 2013; 16: 1245–1257. doi: 10.1111/ele.12162
PMID: 23910579
5. Bohmann K, Evans A, Gilbert MTP, Carvalho GR, Creer S, Knapp M, et al. Environmental DNA for
wildlife biology and biodiversity monitoring. Trends Ecol Evol. 2014; 29: 358–367. doi: 10.1016/j.tree.
2014.04.003 PMID: 24821515
6. Pawlowski J, Lejzerowicz F, Esling P. Next-Generation environmental diversity surveys of Foraminif-
era: preparing the future. Biol Bull. 2014; 227: 93–106. PMID: 25411369
7. Chariton AA, Court LN, Hartley DM, Colloff MJ, Hardy CM. Ecological assessment of estuarine sedi-
ments by pyrosequencing eukaryotic ribosomal DNA. Front Ecol Environ. 2010; 8: 233–238.
8. Fonseca VG, Carvalho GR, Sung A, Johnson HF, Power DM, Neill SP, et al. Second-generation envi-
ronmental sequencing unmasks marine metazoan biodiversity. Nat Commun. 2010; 1: 98. doi: 10.
1038/ncomms1095 PMID: 20981026
9. Fonseca VG, Carvalho GR, Nichols B, Quince C, Johnson HF, Neill Sp, et al. Metagenetic analysis of
patterns of distribution and diversity of marine meiobenthic eukaryotes. Global Ecol Biogeogr. 2014;
23: 1293–1302.
10. Bik HM, SungW, De Ley P, Bladwin JG, Sharma J, Rocha-Olivares A, et al. Metagenetic community
analysis of microbial eukaryotes illuminates biogeographic patterns in deep-sea and shallow water
sediments. Mol Ecol. 2012; 21: 1048–1059. doi: 10.1111/j.1365-294X.2011.05297.x PMID:
21985648
11. Lallias D, Hiddink JG, Fonseca VG, Gaspar JM, SungW, Neill SP, et al. Environmental metabarcod-
ing reveals heterogeneous drivers of microbial eukaryote diversity in contrasting estuarine ecosys-
tems. ISME J. 2014; 9: 1208–1221. doi: 10.1038/ismej.2014.213 PMID: 25423027
12. Logares R, Audic S, Bass D, Bittner L, Boutte C, Christen R, et al. Patterns of rare and abundant
marine microbial eukaryotes. Curr Biol. 2014; 24: 813–821. doi: 10.1016/j.cub.2014.02.050 PMID:
24704080
13. Leray M, Knowlton N. DNA barcoding and metabarcoding of standardized samples reveal patterns of
marine benthic diversity. Proc Natl Acad Sci USA. 2015; 112: 2076–2081. doi: 10.1073/pnas.
1424997112 PMID: 25646458
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 22 / 26
14. de Vargas C, Audic S, Henry N, Decelle J, Mahé F, Logares R, et al. Eukaryotic plankton diversity in
the sunlit ocean. Science. 2015; 348(6237). doi: 10.1126/science.1261605
15. Bik HM, Halanych KM, Sharma JS, ThomasWK. Dramatic shifts in benthic microbial eukaryote com-
munities following the deepwater horizon oil spill. PLoS One. 2012; 7(6): e38550. doi: 10.1371/
journal.pone.0038550 PMID: 22701662
16. Brannock PM, Waits DS, Sharma J, Halanych KM. High-Throughput Sequencing Characterizes Inter-
tidal Meiofaunal Communities in Northern Gulf of Mexico (Dauphin Island and Mobile Bay, Alabama).
Biol Bull. 2014; 227: 161–174. PMID: 25411374
17. Andersson AF, Riemann L, Bertilsson S. Pyrosequencing reveals contrasting seasonal dynamics of
taxa within Baltic Sea bacterioplankton communities. ISME J. 2010; 4: 171–181. doi: 10.1038/ismej.
2009.108 PMID: 19829318
18. Blanquer A, Uriz MJ, Galand P. Removing environmental sources of variation to gain insight on symbi-
ont vs transient microbes in high and low microbial abundance sponges. Environ Microbiol. 2013; 15:
3008–3019. doi: 10.1111/1462-2920.12261 PMID: 24118834
19. Erwin PM, Pineda MC, Webster N, Turon X, López-Legentil S. Down under the tunic: bacterial biodi-
versity hotspots and widespread ammonia-oxidizing archaea in coral reef ascidians. ISME J. 2014; 8:
575–588. doi: 10.1038/ismej.2013.188 PMID: 24152714
20. O'Rorke R, Lavery S, Chow S, Takeyama H, Tsai P, Beckley LE, et al. Determining the diet of larvae
of western rock lobster (Panuliruscygnus) using high-throughput DNA sequencing techniques. PLoS
One. 2012; 7: e42757. doi: 10.1371/journal.pone.0042757 PMID: 22927937
21. Lejzerowicz F, Esling P, Majewski W, Szczucinski W, Decelle J, Obadia C, et al. Ancient DNA comple-
ments microfossil record in deep-se subsurface sediments. Biol Lett. 2013; 9: 20130283. doi: 10.
1098/rsbl.2013.0283 PMID: 23658006
22. Bott NJ, Ophel-Keller KM, Sierp MT, Herdina, Rowling KP, McKay AC, et al. Toward routine, DNA-
based detection methods for marine pests. Biotechnol Adv. 2010; 28: 706–714. doi: 10.1016/j.
biotechadv.2010.05.018 PMID: 20488239
23. Pochon X, Bott NJ, Smith KF, Wood SA. Evaluation detection limits of Next-Generation sequencing
for the surveillance and monitoring of international marine pests. PLoS One. 2013; 8: e73935. doi: 10.
1371/journal.pone.0073935 PMID: 24023913
24. Dafforn KA, Baird DJ, Chariton AA, Sun MY, Brown MV, Simpson SL, et al. (2014) Faster, higher, and
stronger? The pros and cons of molecular faunal data for assessing ecosystem condition. Adv Ecol
Res. 2014; 51: 1–40.
25. Kelly RP, Port JA, Yamahara KM, Martone RG, Lowell N, Thomsen PF, et al. Harnessing DNA to
improve environmental management. Science. 2014; 344(6191): 1455–1456. doi: 10.1126/science.
1251156 PMID: 24970068
26. Thomsen PF, Willerslev E. Environmental DNA—An emerging tool in conservation for monitoring
past and present biodiversity. Biol Conserv. 2015; 183: 4–18.
27. Taberlet P, Coissac E, Hajibabaei M, Rieseberg LH. Environmental DNA. Mol Ecol. 2012; 21: 1789–
1793. doi: 10.1111/j.1365-294X.2012.05542.x PMID: 22486819
28. Turner CR, Uy KL, Everhart RC. Fish environmental DNA is more concentrated in aquatic sediments
than surface water. Biol Conserv. 2015; 183: 93–102.
29. Taberlet P, Prud'Homme SM, Campione E, Roy J, Miquel C, ShehzadW, et al. Soil sampling and iso-
lation of extracellular DNA from large amount of starting material suitable for metabarcoding studies.
Mol Ecol. 2012; 21: 1816–1820. doi: 10.1111/j.1365-294X.2011.05317.x PMID: 22300434
30. Thomsen PF, Kielgast J, Iversen LL, Møller PR, Rasmussen M, Willerslev E. Detection of a diverse
marine fish fauna using environmental DNA from seawater samples. PLoS One. 2012; 7(8): e41732.
doi: 10.1371/journal.pone.0041732 PMID: 22952584
31. Yoccoz NG, Brathen KA, Gielly L, Haile J, Edwards ME, Goslar T, et al. DNA from soil mirrors plant
taxonomic and growth form diversity. Mol Ecol. 2012; 21: 3647–3655. doi: 10.1111/j.1365-294X.2012.
05545.x PMID: 22507540
32. Riaz R, ShehzadW, Viari A, Pompanon F, Taberlet P, Coissac E. ecoPrimers: inference of new DNA
barcode markers from whole genome sequence analysis. Nucleic Acids Res. 2011; 39: e145. doi: 10.
1093/nar/gkr732 PMID: 21930509
33. Yu DW, Ji Y, Emerson BC, Wang X, Ye C, Yang C, et al. (2012) Biodiversity soup: metabarcoding of
arthropods for rapid biodiversity assessment and monitoring. Methods Ecol Evol. 2012; 3: 613–623.
34. Cardoso P, Erwin TL, Borges PAV, New TR. The seven impediments in invertebrate conservation
and how to overcome them. Biol Conserv. 2011; 144: 2647–2655.
35. Handley LL. How will the ‘molecular revolution’ contribute to biological recording? Biol J Linn Soc
Lond. 2015; 115: 750–766.
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 23 / 26
36. Grassle JF, Maciolek NJ. Deep-sea species richness: regional and local diversity estimates from
quantitative bottom samples. Am Nat. 1992; 139: 313–341.
37. Snelgrove PVR. Getting to the bottom of marine biodiversity: sedimentary habitats. BioScience. 1999;
49: 129–138.
38. Ramirez-Llodra E, Brandt A, Danovaro R, De Mol B, Escobar E, German CR, et al. Deep, diverse and
definitely different: unique attributes of the world's largest ecosystem. Biogeosci Discuss. 2010; 7:
2361–2485.
39. Lecroq B, Lejzerowicz F, Bachar D, Christen R, Esling P, Baerlocher L, et al. Ultra-deep sequencing
of foraminiferal microbarcodes unveils hidden richness of early monothalamous lineages in deep-sea
sediments. Proc Natl Acad Sci USA. 2011; 108: 13177–13182. doi: 10.1073/pnas.1018426108
PMID: 21788523
40. Danovaro R, Snelgrove PVR, Tyler P. Challenging the paradigms of deep-sea ecology. Trends Ecol
Evol. 2014; 29: 465–475. doi: 10.1016/j.tree.2014.06.002 PMID: 25001598
41. Danovaro R, Company JB, Corinaldesi C, D'Onghia G, Galil B, Gambi C, et al. (2010) Deep-sea biodi-
versity in the Mediterranean Sea: the known, the unknown, and the unknowable. PLoS One. 2010; 5:
e11832. doi: 10.1371/journal.pone.0011832 PMID: 20689848
42. Pusceddu A, Bianchelli S, Martin J, Puig P, Palanques A, Masqué P, et al. Chronic and intensive bot-
tom trawling impairs deep-sea biodiversity and ecosystem functioning. Proc Natl Acad Sci USA.
2014; 111: 8861–8866. doi: 10.1073/pnas.1405454111 PMID: 24843122
43. Austen MC, Lambshead PJD, Hutchings PA, Boucher G, Snelgrove PVR, Heip C, et al. Biodiversity
links above and below the marine sediment-water interface that may influence community stability.
Biodivers Conserv. 2002; 11: 113–136.
44. Carugati L, Corinaldesi C, Dell’Anno A, Danovaro R. Metagenetic tools for the census of marine meio-
faunal biodiversity: an overview. Mar Genomics. 2015;in press. doi: 10.1016/j.margen.2015.04.010
45. Brannock PM, Halanych KM. Meiofaunal community analysis by high-throughput sequencing: Com-
parison of extraction, quality filtering, and clustering analysis. Mar Genomics. 2015;in press. doi: 10.
1016/j.margen.2015.05.007
46. Pawlowski J, Christen R, Lecroq B, Bachar D, Shahbazkia HR, Amaral-Zettler L, et al. Eukaryotic rich-
ness in the Abyss: insights from pyrotag sequencing. PLoS One. 2011; 6: e18169. doi: 10.1371/
journal.pone.0018169 PMID: 21483744
47. Chariton AA, Stephenson S, Morgan MJ, Steven ADL, Colloff MJ, Court LN, Hardy CM. Metabarcod-
ing of benthic eukaryote communities predicts the ecological condition of estuaries. Environ Pollut.
2015; 203: 165–174. doi: 10.1016/j.envpol.2015.03.047 PMID: 25909325
48. Canals M, Company JB, Martín D, Sánchez-Vidal A, Ramirez-Llodra E. Integrated study of Mediterra-
nean deep canyons: Novel results and future challenges. Prog Oceanogr. 2013; 118: 1–27.
49. Ramirez-Llodra E, Company JB, Sardà F, Rotllant G. Megabenthic diversity patterns and community
structure of the Blanes submarine canyon and adjacent slope in the Northwestern Mediterranean: a
human overprint? Mar Ecol. 2009; 31: 167–182.
50. Puig P, Canals M, Company JB, Martín J, Amblas D, Lastras G, et al. Ploughing the deep sea floor.
Nature. 2012; 489: 286–290. doi: 10.1038/nature11410 PMID: 22951970
51. Acosta J, Serra J, Herranz P, Canals M, Guillén J, Sanz JL, et al. (1986) Resultados preliminares de
la campaña de geología marina "GEOCARBAL-85/I" realizadas en la plataforma continental de las
Islas Baleares. Inf Téc Inst Esp Oceanografía. 1986; 44: 3–27.
52. Lastras G, Canals M, Urgeles R, Amblas D, Ivanov M, Droz L, et al. A walk down the Cap de Creus
canyon, northwestern Mediterranean Sea: recent processes inferred frommorphology and sediment
bedforms. Mar Geol. 2007; 246: 176–192.
53. Lastras G, Canals M, Amblas D, Lavoie C, Church I, De Mol B, et al. (2011) Understanding sediment
dynamics of two large submarine valleys from seafloor data: Blanes and La Fonera canyons, north-
western Mediterranean Sea. Mar Geol. 2011; 280: 20–39.
54. Lo Iacono C, Orejas C, Gori A, Gili JM, Requena S, Puig P, et al. Habitats of the Cap de Creus conti-
nental shelf and Cap de Creus canyon, Northwestern Mediterranean. In: Harris PT, Baker EK, editors.
Seafloor geomorphology as benthic habitat. Elsevier Inc; 2012. pp. 457–469.
55. Yoder M, Tandingan De Ley I, King IW, Mundo-Ocampo M, Mann J, Blaxter M, et al. DESS: a versatile
solution for preserving morphology and extractable DNA of nematodes. Nematology. 2006; 8: 367–
376.
56. Crooks GE, Hon G, Chandonia JM, Brenner SE (2004) WebLogo: A sequence logo generator.
Genome Res. 2004; 14: 1188–1190. PMID: 15173120
57. Boyer F, Mercier C, Bonin A, Le Bras Y, Taberlet P, Coissac R. OBITOOLS: a UNIX-inspired software
package for DNAmetabarcoding. Mol Ecol Res. 2015;in press. doi: 10.1111/1755-0998.12428
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 24 / 26
58. Edgar RC, Haas BJ, Clemente JC, Quince Christopher, Knight R. UCHIME improves sensitivity and
speed of chimera detection. Bioinformatics. 2011; 27: 2194–2200. doi: 10.1093/bioinformatics/btr381
PMID: 21700674
59. Pegard A, Miquel C, Valentini A, Coissac E, Bouvier F, François D, et al. (2009) Universal DNA-based
methods for assessing the diet of grazing livestock and wildlife from feces. J Agric Food Chem. 2009;
57: 5700–5706. doi: 10.1021/jf803680c PMID: 19566081
60. Federhen S. The NCBI taxonomy database. Nucleic acids res. 2012; 40(D1): D136–D143.
61. Ficetola GF, Coissac E, Zundel S, Riaz T, ShehzadW, Bessière J, et al. An In silico approach for the
evaluation of DNA barcodes. BMC genomics. 2010; 11: 1–10.
62. Brown SP, Veach AM, Rigdon-Huss AR, Grond K, Lickteig SK, Lothamer K, et al. Scraping the bottom
of the barrel: are rare high throughput sequences artifacts? Fungal Ecol. 2015; 13: 221–225.
63. Guillou L, Bachar D, Audic S, Bass D, Berney C, Bittner L, et al. The Protist Ribosomal Reference
database (PR2): a catalog of unicellular eukaryote Small Sub-Unit rRNA sequences with curated tax-
onomy. Nucleic Acids Res. 2013; 41: D597–D604. doi: 10.1093/nar/gks1160 PMID: 23193267
64. Clarke KR. Non-parametric multivariate analyses of changes in community structure. Aust J Ecol.
1993; 18: 117–143.
65. Porazinska DL, SungW, Giblin-Davis RM, ThomasWK. Reproducibility of read numbers in high-
throughput sequencing analysis of nematode community composition and structure. Mol Ecol Res.
2010; 10: 666–676.
66. Elbrecht V, Leese F. Can DNA-based ecosystem assessments quantify species abundance? Testing
primer bias and biomass—sequence relationships with an innovative metabarcoding protocol. PLoS
One. 2015; 10(7): e0130324. doi: 10.1371/journal.pone.0130324 PMID: 26154168
67. Oksanen JF, Blanchet G, Kindt R, Legendre P, Minchin PR, et al. Vegan: Community Ecology Pack-
age. R package version 2.0–7. 2013. Available: http://CRAN.R-project.org/package = vegan
68. Anderson MJ, Gorley RN, Clarke KR. PERMANOVA for PRIMER: Guide to Software and Statistical
Methods. PRIMER-E, Plymouth, UK. 2008
69. Narum SR. Beyond Bonferroni: Less conservative analyses for conservation genetics. Conserv
Genet. 2006; 7: 783–787.
70. Peres-Neto PR, Jackson DA. How well do multivariate data sets match? The advantages of a Pro-
crustean superimposition approach over the Mantel test. Oecologia. 2001; 129: 169–178.
71. Dray S, Dufour A (2007) The ade4 package: Implementing the duality diagram for ecologists. J Stat
Softw. 2007; 22: 1–20.
72. Bik HM, ThomasWK, Lunt DH, Lambshead PJD. Low endemism, continued deep-shallow inter-
changes, and evidence for cosmopolitan distributions in free-living marine nematodes (order Eno-
plida). BMC Evol Biol. 2010; 10(389). doi: 10.1186/1471-2148-10-389
73. Chambouvet A, Berney C, Romac S, Audic S, Maguire F, de Vargas C, et al. Diverse molecular signa-
tures for ribosomally 'active' Perkinsea in marine sediments. BMCMicrobiol. 2014; 14(110). doi: 10.
1186/1471-2180-14-110
74. Dell'Anno A, Danovaro R. Extracellular DNA plays a key role in deep-sea ecosystem functioning. Sci-
ence. 2005; 309: 2179. PMID: 16195451
75. Corinaldesi C, Beolchini F, Dell’Anno A. Damage and degradation rates of extracellular DNA in marine
sediments: implications for the preservation of gene sequences. Molecular Ecology. 2008; 17: 3939–
3951. doi: 10.1111/j.1365-294X.2008.03880.x PMID: 18643876
76. Quince C, Lanzen A, Davenport RJ, Turnbaugh PJ. Removing noise from pyrosequenced amplicons.
BMC Bioinformatics. 2011; 12: 38. doi: 10.1186/1471-2105-12-38 PMID: 21276213
77. Schloss PD, Gevers D, Westcott SL. Reducing the effects of PCR amplification and sequencing arti-
facts on 16S rRNA-based studies. PLoS One. 2011; 6: e27310. doi: 10.1371/journal.pone.0027310
PMID: 22194782
78. Coissac E, Riaz R, Puillandre N. Bioinformatic challenges for DNAmetabarcoding of plants and ani-
mals. Mol Ecol. 2012; 21: 1834–1847. doi: 10.1111/j.1365-294X.2012.05550.x PMID: 22486822
79. Flynn JM, Brown EA, Chain FJJ, MacIsaac HJ, Cristescu ME. Towards accurate molecular identifica-
tion of species in complex environmental samples: testing the performance of sequence filtering and
clustering methods. Ecol Evol. 2015; 5: 2252–2266. doi: 10.1002/ece3.1497 PMID: 26078860
80. Medinger R, Nolte V, Pandey RV, Jost S, Ottenwälder B, Schlötterer C, et al. Diversity in a hidden
world: potential and limitation of next-generation sequencing for surveys of molecular diversity of
eukaryotic microorganisms. Mol Ecol. 2010; 19: 32–40. doi: 10.1111/j.1365-294X.2009.04478.x
PMID: 20331768
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 25 / 26
81. Sun C, Zhao Y, Li H, Dong Y, MacIsaac HJ, Zahn A. Unreliable quantification of species abundance
based on high-throughput sequencing data of zooplankton communities. Aquat Biol. 2015; 24: 9–15.
82. Evans NT, Olds BP, Turner CR, RenshawMA, Li Y, Lerfe CL, et al. Quantification of mesocosm fish
and amphibian species diversity via eDNAmetabarcoding. Mol Ecol Res. 2015;in press. doi: 10.1111/
1755-0998.12433
83. Sardá R, Pinedo S, Martín D. Seasonal dynamics of macroinfaunal key species inhabiting shallow
soft-bottoms in the Bay of Blanes (NWMediterranean). Acta Oecologica. 1999; 20: 315–326.
84. Romano C, Coenjaerts J, Flexas MM, Zúñiga D, Vanreusel A, Company BJ, et al. Spatial and tempo-
ral variability of meiobenthic density in the Blanes submarine canyon (NWMediterranean). Prog
Oceanogr. 2013; 118: 144–158.
85. Pascual A, Nardelli BB, Larnicol G, Emelianov M, Gomis D. A case of an intense anticyclonic eddy in
the Balearic Sea (western Mediterranean). J Geophys Res. 2002; 107: 1–16.
86. Andersen K, Bird KL, Rasmussen M, Haile J, Breuning-Madsen H, Kjaer KH, et al. Meta-barcoding of
'dirt' DNA from soil reflects vertebrate biodiversity. Mol Ecol. 2011; 21: 1966–1979. doi: 10.1111/j.
1365-294X.2011.05261.x PMID: 21917035
87. Bianchelli S, Gambi C, Zeppilli D, Danovaro R. Metazoan meiofauna in deep-sea canyons and adja-
cent open slopes: A large-scale comparison with focus on the rare taxa. Deep Sea Res I. 2010; 57:
420–433.
88. Pusceddu A, Bianchelli S, Canals M, Sanchez-Vidal A, Durrieu de Madron, Heussner S, et al. (2010)
Organic matter in sediments of canyons and open slopes from the Portuguese, Catalan, Southern
Adriatic and Cretan Sea margins. Deep Sea Res I. 2010; 57: 441–457.
89. Tecchio S, van Oevelen D, Soetaert K, Navarro J, Ramirez-Llodra E. Trophic dynamics of deep-sea
megabenthos are mediated by surface productivity. PLoS One. 2013; 8: e63796. doi: 10.1371/
journal.pone.0063796 PMID: 23691098
90. Sardà F, Calafat A, Flexas MM, Tselepides A, Canals M, Espino M, et al. An introduction to Mediterra-
nean deep-sea biology. Sci Mar. 2004; 68: 7–38.
91. Danovaro R, Bianchelli S, Gambi C, Mea M, Zeppilli D. α-, β-, γ-, δ- and ε- diversity of deep-sea nema-
todes in canyons and open slopes of Northeast Atlantic and Mediterranean margins. Mar Ecol Prog
Ser. 2009; 396: 197–209.
92. Tecchio S, Ramirez-Llodra E, Aguzzi J, Sanchez-Vidal A, Flexas MM, et al. Seasonal fluctuations of
deep megabenthos: Finding evidence of standing stock accumulation in a flux-rich continental slope.
Prog Oceanogr. 2013; 118: 188–198.
93. Madurell T, Zabala M, Domínguez-Carrió C, Gili JM. Bryozoan faunal composition and community
structure from the continental shelf off Cap de Creus (Northwestern Mediterranean). J Sea Res. 2013;
83: 123–136.
94. Paterson GLJ, Lambshead PJD. Bathymetric patterns of polychaete diversity in the Rockall Trough,
northeast Atlantic. Deep-Sea Res I. 1995; 42: 1199–1214.
95. Rex MA, Etter RJ, Stuart CT. Large-scale patterns of species diversity in the deep-sea benthos. In:
Ormond FG, Gage JD, Angel MV, editors. Marine biodiversity, patterns and processes. Cambridge
University Press; 1997. pp. 94–121.
96. Ingels J, Vanreusel A, Romano C, Coenjaerts J, Flexas MM, Zúñiga D, et al. Spatial and temporal
infaunal dynamics of the Blanes submarine canyon-slope system (NWMediterranean); changes in
nematode standing stocks, feeding types and gender-life stage ratios. Prog Oceanogr. 2013; 118:
159–174.
97. Creer S, Sinniger F. Cosmopolitanism of microbial eukaryotes in the global deep seas. Mol Ecol.
2012; 21: 1033–1035. doi: 10.1111/j.1365-294X.2012.05437.x PMID: 22360453
98. Yoccoz NG. The future of environmental DNA in ecology. Mol Ecol. 2012; 21: 2031–2038. doi: 10.
1111/j.1365-294X.2012.05505.x PMID: 22486823
99. Ficetola GF, Pansu J, Bonin A, Coissac E, Giguet-Covex C, De Barba M, et al. (2015) Replication lev-
els, false presences and the estimation of the presence/absence from eDNAmetabarcoding data.
Mol Ecol Res. 2014; 15: 543–556.
100. Zimmerman J, Glöckner G, Jahn R, Enke N, Gemeinholzer B. Metabarcoding vs. morphological iden-
tification to assess diatom diversity in environmental studies. Mol Ecol Res. 2014; 15: 526–542.
101. Cowart DA, Pinhero M, Mouchel O, Maguer M, Grall J, Miné J, et al. (2015) Metabarcoding is powerful
yet still blind: a comparative analysis of morphological and molecular surveys of seagrass communi-
ties. PLoS One. 2015; 10(2): e0117562. doi: 10.1371/journal.pone.0117562 PMID: 25668035
102. Baird DJ, Hajibabaei M (2012) Biomonitoring 2.0: a new paradigm in ecosystem assessment made
possible by next-generation DNA sequencing. Mol Ecol. 2012; 21: 2039–2044. PMID: 22590728
eDNAMetabarcoding of Deep-Sea Sediments
PLOS ONE | DOI:10.1371/journal.pone.0139633 October 5, 2015 26 / 26
